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Abstract

MapReduceis considered to be promissing as a parallel description model for broad range of applications. For that
purpose, a flexble MapReduceframework where programmers can easily combine Mappers and Reducers into a workflow
graph. Unfortunately, Hadoop, the most widely used MapReduceframework, is not flexible enough, because Hadoop is
implemented on top of a filesystem called HDFS and Mappers and Reducers are tied together one by one. We propose
a MapReduceframework based on distributed KVS, called SSS. In SSS, both of Mappers and Reducers read and write
to/from KVS. This makes flexible combination of Mappers and Reducers. In this paper, we describe detailed design
and implementation of SSS. We also provide benchmark result with synthetic IO benchmark and K-means application.
The result showed that SSS is faster than Hadoop in general,
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